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INTRODUCTION D

* Microwave radiometers onboard satellites have been used to measure a wide variety of atmospheric and surface parameters. The Advanced Microwave Sounding Unit-A (AMSU-A) is one of the satellites with the largest impact to reduce forecast errors in data assimilation.

« All data assimilation systems are affected by biases, caused by problems with the data, by approximations in the observation operators used to simulate the data, by limitations of the assimilating model, or by the assimilation methodology itself. A clear symptom of bias in
the assimilation is the presence of systematic features in the analysis increments (Dee, 2005).

* The objective of this study is to introduce the AMSU-A radiance pre-processing and quality control modules including bias correction at the KIAPS observation processing system.
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SUMMARY .

 We have developed the AMSU-A data pre-processing and guality control system to provide the well-qualified radiance data for KIAPS data assimilation system.
o |t appears to be successful in controlling the scan and airmass bias in the crucial channels which sound tropospheric and stratospheric temperature below 50 km altitude.
 However, multicollinearity is observed when 4 thickness predictors are highly correlated among themselves. We have tried to find a small set of linear combinations of the covariates which are uncorrelated with each other.

As a result, multicollinearity of predictors are resolved with PCR of 4 PCs, the bias correction performance at lower stratospheric channels is not shown improved much, though.
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